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Feasibility Study for Embedded Al Using TensorFlow Lite
for Microcontrollers

KOGAWARA Toru and WATANABE Yasuhisa

In recent years, deep learning algorithms have been applied to sensing, and are contributing to the enhancement
of high-precision devices such as image sensors.

This study aims to apply deep learning algorithms to simple sensors that handle one-dimensional signals, with
the goal of improving their accuracy. Due to cost constraints to realize lower product prices, it is challenging to
implement large-scale algorithms into simple sensors; however, we aim to achieve this by utilizing embedded
deep learning platforms and applying model optimization techniques.

In this paper, we use a blood pressure monitor as a practical example of a simple sensor. First, we choose a
deep learning platform, and then we describe the method for integrating a pre-trained model into the blood pres-
sure monitor, as well as the techniques for model optimization. Finally, we evaluate the ROM and RAM capacity,
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accuracy, and execution time, demonstrating the feasibility of the proposed method.
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