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The Improvement of Defect Classification of Web
Inspection System by Al Technology

HAZEYAMA Hiroyuki

In recent years, labor force issues have become more serious such as “declining labor force” or “reduce of skilled
workers” at manufacturing sites. And the factory automation necessity continues to increase as its countermea-
sure.

In this paper, I propose a technique for defect classification using Al technology, based on confirmation the
performance improvement compared with the conventional method. The conventional method in sheet inspection
system is measuring the feature values (width / length / area of defect pixels, total value / maximum value /
average value of defect pixels, etc.) from the defect image, and classify the defect by using the range of each
feature value. However high accuracy and stable classification by feature value is difficult for defects in various
patterns, and only visual classification by human was effective.

I expect my proposed method to reduce visual classification by human, and I hope the method will help to

solve labor force problem.
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