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Adaptation to a New Setup by Combining Skills
TANAKA Kazutoshi

The robotic system integrator programs the robot to automate the work requested by the customer. Robotic work
for new parts that require minor changes in production requires a large amount of effort to programs the robot. If
the robot can learn new tasks autonomously, this effort can be eliminated. For this reason, we have proposed a
method for robots to learn new tasks. The robot using the method learns new tasks in a short period of time by
utilizing its experience. To evaluate the usefulness of the method, we conducted experiments on a peg-in-hole task

with different insertion directions. The method enables the robot to perform new tasks in a short time, which will

lead to new ways of using robots for manufacturing and service.
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